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Abstract: An association rule mining algorithm with adaptive support and confidence (adaptive association rule mining, Ada-
pARM) was proposed. The mimimum support and the mimimum confidence values were acquired on the basis of statistical fitting
technology, which was imposed on the support count data of all items in the transaction dataset and the confidence data of all the
rules generated from frequent itemsets. Hence, the parameter values were changed and adaptive to the transaction dataset itself.
Experimental research was performed on two standard datasets including Trolley and Groceries, to verify the effectiveness of
AdapARM., and it is found that AdapARM has the advantage that users do not need to have any prior knowledge about the data-
set, and users do not need to set the parameter values of mimimum support and mimimum confidence to conduct association rule
mining tasks.
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